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Abstract—This study explores the potential of integrating
emojis, and digital pictographs, into faculty feedback to augment
student learning outcomes. This additional layer of expressiveness,
encouragement, and involvement adds a personal touch to the
often distant and virtual student-educator communications,
fostering motivation. The study focuses on the impact of emojis on
the learning process within the scrutinized Computer Science (CS)
Department. Capitalizing on the capabilities of OpenAl's Large
Language Model (LLM) ChatGPT-4, its Application
Programming Interface (API), and associated tools and third-
party plugins, a system that translates text into corresponding
emojis and vice versa has been developed. The proposed
application offers direct benefits to educators by simplifying the
provision of detailed and extensive feedback to students. The
primary research question is: Can the appropriate use of emojis,
matched with the sentiment of the feedback text, contribute to
enhanced student learning outcomes, higher retention rates, and
boost the reputation of the educators providing it? Two surveys on
the impact of emojis across selected course sections were
conducted to answer the question: a pre-survey and a post-survey
involving 175 active participants. The results were analyzed, and
it was concluded that integrating emojis in faculty feedback,
particularly when grading student work, could potentially
enhance student learning outcomes and their overall course
experience.

Keywords— emojis, Feedback Emojifier, ChatGPT, computer
science education, text-to-emoji translation.
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In the contemporary era of digital communication, a period
influenced by the aftermath of the COVID-19 pandemic, emojis
have ascended as a pervasive form of communication. They
augment the conveyance of emotions and sentiments in text-
based interactions, which is paramount when many young
individuals navigate mental or emotional challenges [1-3].
Emojis have seamlessly woven themselves into the fabric of the
digital communication landscape. This integration spans many
platforms, from mass video-communication platforms such as
Microsoft Teams, Zoom, Cisco Webex, and Google Meet, to
widely utilized applications like Google Docs, Microsoft Word,
Discord, and Slack [4-7]. The Computer Science (CS)
Department under examination currently leverages a web-based
learning management system (LMS), specifically Canvas [8].
This platform has a prebuilt assessment and an integrated emoji
module [9]. Figure 1 visually represents the faculty feedback
Graphical User Interface (GUI) component. This component
encourages educators to incorporate emojis in their feedback by
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prominently displaying the feature in two locations: beneath the
feedback text area and as a placeholder.

Figure 2 further highlights the commitment to diversity and
inclusion in Canvas's emoji GUI component, a particularly
beneficial feature for accommodating diverse student
populations.

Comments for this Attempt
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Add a Comment
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Fig. 1. Canvas feedback GUI component with the use of emoji.

As shown in Figure 1, Canvas vendors actively recommend
emojis as part of faculty feedback.
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Fig. 2. Diversity and Inclusion in Canvas’s emoji GUI component.

Figure 2 exemplifies the faculty's capacity to select specific
emojis that align with their feedback and the color of the
clapping hands and specific LGBTQ+-oriented emojis. This
feature holds significant potential on an individual basis as it
facilitates more personalized feedback. The availability of
country/ethnicity-specific emojis is particularly fitting in the



context of a diverse student community, which includes many
Hispanic students and those who identify as 'they' and use
nicknames in every course section [10][11]. From the
perspective of seasoned researchers, fostering effective
communication between students and faculty, and bridging any
potential gaps in understanding that may arise due to age
differences, is crucial in cultivating an environment conducive
to innovation and learning. To equip students with a skill set that
is relevant to the 21st century and prepare them for their future
careers, it is incumbent upon universities to explore and
implement innovative strategies that enhance learning outcomes
and student engagement. One such strategy, which is this study's
focal point, is emojis in faculty feedback.

II. RELATED WORK

In distance education, particularly in the wake of the
COVID-19 pandemic, emojis have carved out a significant role,
serving as a conduit for expressing emotions that may not be
adequately conveyed through text alone [12-14]. They have
been recognized as adequate substitutes for nonverbal
communication in face-to-face settings, often favored by both
students and faculty as feedback mechanisms [15-17]. However,
the efficacy of feedback using emojis is amplified when
combined with text. This amalgamation has enhanced students’
academic performance by providing a more unambiguous
indication of areas requiring improvement [18]. Conversely,
consistent negative feedback can lead to a lack of motivation and
unchanged behavior [13]. Emojis play a pivotal role in student
learning outcomes as they can elicit emotional responses, which
are integral to the learning experience [19]. The advantages of
emojis in feedback encompass self-expression, mitigation of
misunderstandings, enhancement of communication, softening
of intercultural communication, infusion of humor, and
facilitation of a congenial digital environment [20-22]. Notably,
positive emojis can foster positive student emotions, augment
academic performance, and nurture a productive learning
environment. The concept of a growth mindset, which perceives
setbacks as opportunities for improvement, is also crucial in the
learning environment [23]. Faculty instructors with a growth
mindset are likelier to exhibit flexibility in their teaching
approach, provide positive reinforcement for effort, and
commend students for their accomplishments [24][25]. This
approach can stimulate students to learn and grow, irrespective
of their challenges. A cadre of researchers [16] previously
delved into the use of words and emojis, underscoring the
potential of emojis in sentiment analysis, a critical aspect of this
study as it aims to align emojis with the sentiment of the
feedback text. Sentiment analysis based on emojis using the
KNN approach has been successfully conducted [26]. A hybrid
deep learning approach for aspect-level sentiment analysis for
Ambharic news comments [27] has influenced this work as it is
actively working with Transformers in its research [28][29].
Although the context differs, the methodology could be adapted
for this study, particularly in analyzing the sentiment of faculty
feedback.

III. EMBEDING EMOIJIS IN FACULTY FEEDBACK

A. Study Methology and the Surveys

In this investigation, the potential of OpenAl's ChatGPT to
incorporate emojis into faculty feedback was explored to

enhance the expressiveness of scholarly communication. A
hypothesis was formed based on surveys conducted among
students regarding their experiences with faculty feedback
containing emojis. It was postulated that the appropriate use of
emojis, when matched with the sentiment of the feedback text,
could lead to improved student learning outcomes, higher
retention rates, and, consequently, increased graduation rates,
which could also enhance the positive reputation of the faculty
and the department. The research question was: Can the
appropriate use of emojis, matched with the sentiment of the
feedback text, contribute to enhanced student learning
outcomes, higher retention rates, and boost the reputation of the
educators providing it?

Two identical surveys were created to investigate the
question, a pre-survey and a post-survey, each containing 16
questions via Google Forms. The surveys involved 175 students
and were approved by the Institutional Review Boards (IRB),
with all organizers obtaining the necessary certifications to
handle human subjects. Figure 3 illustrates the main statistics
from the pre-survey.

® Yes
® No

Fig. 3. Students' answers: Do you have any experience receiving emojis in
your assignments/exams feedback? (left) Do you think it is appropriate for your
instructors to include emoyjis in the feedback? (right).

As depicted in Figure 3, 115 out of 175 student participants
(65.7%) had prior experience receiving emojis in faculty
feedback before the study, and the majority (77.4%) deemed this
practice appropriate. After conducting the pre-survey, the
Computer Science faculty were asked to use emojis in their
feedback, exposing the remaining 34.3% of students to this
practice. The study primarily focused on positive emojis
representing joy, love, and admiration. Many student
participants expressed that using emojis in feedback was
appropriate and added a unique touch to the learning experience.
Figure 4 demonstrates the use of diverse emojis within the study.

Which of the variants below would you prefer to receive as positive feedback?
60 responses

"Good job" 10 (16.7%)

"Good job!" 33 (55%)

*Good job & ‘@ " 38 (63.3%)
"Good job." 9 (15%)

"Good job =" 42 (70%)

"Goodjob & & & " 34 (56.7%)

0 10 20 30 40 50

Fig. 4. Diverse Emojies in Pre-survey

As shown in Figure 4, feedback containing diverse and
joyful emojis received the highest rating, among others.
Punctuation signs, such as the exclamation mark at the end of
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the sentence "Good job," also mattered. Initially, the importance
of gifs — small clips expressing positive reactions — was also
considered for exploration in the study, but it was decided to
focus on this in independent research. Once the pre-survey data
was collected, subsequent analysis was begun using Python and
Jupyter Notebook. It was realized that with the help of
ChatGPT-4 and its Noteable plugin, the creation of graphs could
be automated, and data analysis and visualization could be
streamlined and efficient. Figure 5 provides an example of
communication with ChatGPT-4 related to the topic.

177 responses

47
43 (26.6%)
(24.3%) -
2 (20.3%)
(16.4%)
11 (6.:2%)
6 (34%)
1 2

5 (2.8%)
3

0

4 5 6 7

Fig. 5. Student answers on Emoji’s relation to the concept of Growth Mindset.

As depicted in Figure 5, 25% of respondents think emojis are
related to the Growth Mindset (GMS) concept. In comparison,
14.3% believe they are related, and 21.4% think unrelated
(color-coded in red in Figure 5).
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Fig. 6. Word Cloud of the Survey’s questions.

As shown in Figure 6, the most frequently used words in the
surveys were 'CPS' for computer science and 'emoji.' Feedback

'Good job' and emoji 'thumbs' (/B /A B) also stand out.

B. Survey Results

As previously mentioned, 175 students participated in the
pre-survey. The data indicates that students expressed positive
sentiments towards using emojis in feedback from their
professors. With an average of 5.73 on a scale from 1 to 7,
emojis play a substantial role in the student's emotional stance
toward the material they are learning. The students believed that
the feedback format (placement & type of punctuation & emojis)
played a role in their motivation to learn the material. With an
average improvement score of 4.99, the student participants
believed that including emojis would improve the quality of the
feedback. With an average reported GMS magnitude 0f 4.92, the
students believed emojis are related to a GMS. Figure 7 shows
the strength of this study's relationships between critical
indicators.
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Fig. 7. Heatmap of Sentiment, Feedback, Format, and GMS Magnitudes
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Figure 7 combines the average statistics between the pre-
survey & the post-survey. Across both surveys, students
reported an average sentiment of 6.03, meaning they generally
reported positive feelings toward using emojis in their feedback.
Additionally, with an average feedback magnitude of 5.72, the
student participants generally believed that emojis in feedback
played a role in their emotional stance toward the material. With
an average format magnitude of 5.4, the type & usage of
punctuation & emojis played a role in student participants’
motivation to learn the material. With a score of 4.95 for
improvement, student participants were slightly likely across the
two surveys to believe that using emojis in feedback would
improve the quality of it. Lastly, the student participants were
slightly likely to believe that emojis & GMS were closely
related, with an average report of 4.93 on a scale of 1 through 7.

Our analysis focused on understanding the impact of using
emojis in faculty feedback on student learning outcomes. The
examination of the frequency of different emojis used in the
feedback, the student's perceptions of the appropriateness of
using emojis in feedback, and the correlation between the use of
emojis in feedback and student learning outcomes were carried
out. The findings from this analysis provided insights into the
potential benefits and challenges of incorporating emojis into
faculty feedback in higher education. Embracing a Growth
Mindset (GMS), which perceives traits as malleable and
adaptable through experiences and setbacks, is crucial in the
learning environment. Students with a GMS view each failure
as an opportunity for improvement, leading to increased
motivation and enthusiasm for learning. This mindset fosters a
mutually beneficial learning environment for both students and
faculty, and it is within this context that the potential of emojis
to further enhance this dynamic is explored. Between the two
surveys, the student participants reported an average positive
sentiment of 6.025 on a scale of 1-7, meaning that their
emotional state significantly improved when shown emojis in
feedback from faculty. The ratio of students receptive to the use
of emojis by faculty to those who were not receptive supports
the claims that using emojis in feedback plays a positive role in
one's learning. Detailed analysis shows that the most common
favorite emojis reported by students include the clapping emoji

(&), the smiling emoji (© X), and the thumbs-up emoji



(BADD), each of which signifies sentiments of a positive
nature.

IV. GROWTH MINDSET CLASSIFICATION WITH TRANSFORMERS

A Growth Mindset (GMS) is an idea proposed by Stanford
Professor Carol Dweck [21, 23]. It focused on how people with
said GMS could embrace challenges and improve their skills and
intelligence because of the effort they put forth. An individual
should be able to transform some feedback into a positive
learning experience. A GMS is not something people naturally
have, and they will often need to work toward getting their
brains to adopt the ideology. GMS could be a solution to many
problems within CS education. What if there was a way to take
GMS and train a tool to assist professors in maintaining the
GMS standard while responding to various kinds of assignments
and projects? The Growth Mindset Al Educational
Recommendation System will do just that.

The journey to enhance student outcomes by leveraging the
Growth Mindset (GMS) and emojis began before ChatGPT-4, a
development that later revolutionized the methodology. As is
customary in the field of research, the most suitable models
available were chosen to carry out the tasks. These models were
meticulously trained, tested, and validated using Python and its
wide array of frameworks and libraries. The initial model of
choice was the Bidirectional Encoder Representations from
Transformers (BERT) [31], the official predecessor of
ChatGPT. As the research evolved, the arsenal was expanded to
include the Robustly Optimized BERT Pre Training Approach
(RoBERTa) [32] and the Transformer-XL extension (XLNet)
[33], both of which were considered the pinnacle of transformers
for natural language processing and classification during that
era. The initial dataset was a combination of text that
encapsulated encouraging GMS words (categorized as 'correct'),
discouraging words (categorized as 'incorrect'), and a third
category that was partially correct. This dataset, as visualized in
Figure 8, initially exhibited an imbalance, with a disparate
number of phrases in each category.
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Fig. 8. Word Cloud of Feedback Messages.

The initial dataset was unbalanced, with the number of
phrases in various categories significantly varied. To rectify this
imbalance, the number of text inputs for each of the three classes
was calibrated to achieve parity. The resulting balanced dataset
is depicted in Figure 9.
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Fig. 9. MS Dataset (left: percentage out of 100, right: embeddings).

The challenges of multi-class classification, which involves
more than two mutually exclusive classes, we had previously
tackled [34] were encountered as not all predictive models are
equipped to handle the complexities of multi-class
classification. We started our experiments with Logistic
Regression and Random Forest methods (See Figure 10).

True label

1
Predicted label

1
Predicted label

Fig. 10. Heat Map of the Logistic Regression (left) and Random forest (right)
models results.

According to Figure 10 The Logistic Regression model
demonstrated a robust performance with an overall accuracy of
79%. The Fl-score for the 'correct' and 'incorrect' classes
exceeded 0.8, while the 'partial' class had a score of 0.6. The
Random Forest Classifier improved the performance of the
model, achieving an accuracy of 81%. The precision, recall, and
Fl-score also improved for all classes (correct, incorrect, and
partial), indicating a more balanced and accurate model. We
then explored the use of Support Vector Machines (SVM) to see
if we can further enhance the model's performance. The results
demonstrated an overall accuracy of 81%, which is an
improvement over the previous models. The precision, recall,
and F1-score for the 'correct' and 'incorrect' classes are quite high
were above 0.85 (see Figure 11).
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Fig. 11. Heat Map of the SVM model



After experimenting with a variety of models, including
ChatGPT-2 with 117 million parameters on a high-performance
machine, it was decided to train several other models including
Electra, Enhanced Representation through kNowledge
IntEgration (Ernie), and DistillRoBERTa. Figures 12 and 13
represent just some of our classification results:

Training Loss vs Number of Epochs for DistilRoBERTa base

Training Loss vs Number of Epochs for Bert-Base

Number of Epochs ) Number of Epochs

Training Loss vs Number of Epochs for XLNet (base-sized model)

o an loss

Fig. 12. Training loss of BERT, DistilRoBERTa, XLNet and Electra models.
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Fig. 13. F1 and Flat Validation accuracy of XLNet and Electra.

Once this work was conducted on Google Collab, it was
concluded that deep learning models such as BERT and its
counterparts necessitate a substantial volume of training data,
robust computational power, GPU hardware acceleration, and a
significant investment of time. This realization led to the
procurement of the premium Google Collab PRO+ package. An
attempt was made to run the code on a high-performance
machine with 128 nodes, but this necessitated the setup of an
additional environment, migration of training data, and the
consumption of a third-party managed development
environment. Initially, low classification accuracy was
experienced due to the size of the data and considerable time
was invested in experimenting with different parameters and
optimizers to enhance it using a brute-force approach.
Subsequently, opportunities to integrate these results into a new
or existing web application were explored. A prototype of such
an application was developed based on previous research results
[28].
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V. CHATGPT: A GAME-CJANGER FOR EMBEDDING EMOJIS IN
FACULTY FEEDBACK

The innovative approach introduced here streamlines faculty
grading using emojis, embodied in the Feedback Emojifier
application. The app's core concept is to provide prebuilt Growth
Mindset (GMS) phrases that faculty can swiftly employ as
feedback by simply clicking or tapping on a button displaying a
corresponding emoji. This unique 'emoji-feedback dictionary'
was brought to life with the assistance of ChatGPT-4. The
application's Graphical User Interface (GUI) highlights the 23
most frequently used phrases. Faculty members can select less
commonly used prebuilt emoji-feedback pairs by clicking a '+'
button, revealing additional choices. Emojis that support a
palette prompt an extra block on the page to pop up, enabling
faculty to select the colors they prefer. If faculty members wish
to provide personalized feedback to a student, they can also do
so. In such instances, OpenAl's ChatGPT-4 backend is
leveraged to find suitable emojis to match the feedback. The
goal is to analyze faculty feedback and seamlessly integrate
appropriate emojis into the text. Given that feedback is a string
of text and emojis are technically characters, this integration is a
feasible task, as the functionality for emojis already exists in
programming languages. For instance, the Python snippet
shown in Figure 14 converts the word "smile:" into the actual
emoji.:

PR

if __name__ __main__":
# Get the input text.
text = input(“"Enter the text: ")

# Convert the emoticons in the text to emojis.
converted_text = convert_emoticons_to_emojis(text)

# Print the converted text.
print(converted_text)

Enter the text: :smile:

O
Fig. 14. Python library emoji converts text to emoji without AL

Figure 14 represents a code snippet dealing with emoji
conversation without Al. The goal is to embed the power of
LLMs like ChatGPT-4 into the best possible result. This process
can be integrated with ChatGPT by using a key to OpenAl API
and a template of react app provided by the creators [31]. The
feedback text can be fed to ChatGPT and asked to add
appropriate emojis based on the sentiment and theme.
ChatGPT's language understanding capabilities can help it
understand the context and sentiment of the feedback and choose
appropriate emojis. The algorithm works as follows:

Feedback Sentimental Analysis. This step is performed
automatically by ChatGPT-4 with the prompt: "Analyze this
university faculty feedback, and respond with:" positive,"
"negative," or "neutral," depending on its nature.

Emoji Mapping: This step is performed automatically by
ChatGPT-4 with the prompt "Find the most suitable emoji to add
to this feedback." In this case, positive sentiment could be



mapped to emojis like thumbs up (/&) or a star (%), a light
bulb (@) or a rocket (55), etc.

Emoyji Integration: Once steps one and two are completed,
emojis can be added to the feedback with the help of the
QuickStart tutorial [34]. The authors take this step.

Feedback Generation. ChatGPT can generate the feedback
text itself or polish / improve existing drafts based on the grading
rubric or other inputs. This could allow for a fully automated
system where ChatGPT generates feedback and adds
appropriate emojis. Currently, there is no access to a Canvas
developer environment, and this part of the study will be
included in future work. It is not considered difficult as with the
help of ChatGPT, integrating into Canvas code can become a
No-code activity (as ChatGPT will do all the challenging work).
The high-level concept is as follows: the received score, number
of attempts, and the time of submission (late vs. on-time) can be
fed to ChatGPT, and it generates feedback while keeping the
concept of GMS in mind (not too harsh and student-friendly).
As many of the assignments are programming assignments, and
the model can catch the errors and fix the code or, in many cases,
write the same code from scratch, it can be provided the ability
to analyze not yet graded code itself and compare compilation
results with the rubrics and guidance on which outcome needs
what kind of GM's feedback (if this is just an excellent job if
there is room to improve or the student received a late penalty
while their work is otherwise good). ChatGPT should analyze
the history of the student performance and analyze if Al
generated the answer and this data as well.

The early prototypes of the Feedback Emojifier can be seen in
Figure 15. Feedback Emojifier prototypes are web-based apps,
one in Python utilizing the Flask framework and another in
JavaScript utilizing React front-end Framework. Both apps were
created Code-Free with the help of ChatGPT-4 and GitHub
Copilot [35].

Sure, here's a list of 28 emojis that could be associated with the growth mindset phrases you
Emoji Feedback

provided:

- Good job, keep up the good work

+ - Good writing, nice paper

You're on the right track, good attention to details

Received, pay attention next time

- Bad writing, bad paper

68
L -Good effort, keep practicing
£ - Your paper is unclear, thesis unclear

- Keep trying, not there yet

- like how it's turning out, good first draft

Great job showing all the we

¥
¥
¢

-1 really enjoyed reading your paper, | like what you wrote on page 2

=)

- What is this? Poor grammar

| 15. 4 - Good effort, but some answers were wrong. Consider reading chapter 2
e - Do better next time, disappointing

- Good job, nice paper

- Amazing paper, perfect paper

Close Sad, awful draft

- Show work, good job getting but showing all

Fig. 15. The Feedback Emojifier Prototype: GUI (left), logic behind (right).

Figure 15 showcases positive emojis and those with negative
semantics for comparison. The Feedback Emojifier app features
a straightforward and intuitive interface with a 4x6 matrix of
emoji buttons. Each button is associated with a Growth Mindset
(GMS) phrase encouraging students to continue learning. When
a faculty member clicks on an emoji button, a pre-defined
feedback phrase associated with that emoji is triggered. This
feature offers flexibility and personalization, enabling faculty
members to tailor their feedback to specific situations or

students. The Feedback Emojifier is built using Bootstrap 5+,
ensuring a responsive design that works seamlessly across
different devices and screen sizes. The app is convenient and
easy to use.
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Fig. 16. Code suggestion by GitHub CoPilot.

Figure 16 illustrates how GitHub Copilot suggested two
JavaScript functions based on the newly added <div> element.
This code is dedicated to emoji diversity, as emojis add a touch
of personalization, helping to build a supportive learning
environment. The app utilizes two test cases:

= There is prebuilt (hardcoded) feedback associated with
a particular ‘emoji button’ on the app’s GUI, so the
faculty is aware of the feedback coming after a click and
can use the buttons as a shortcut.

*  An emoji suggested by the ChatGPT model response is
auto generated and attached to customer feedback.

The web page shown in Figure 17 demonstrates the second
option.

Add your Feedback & @&

Every mistake you make is progress.

Your Feedback:

Every mistake you make is progress. X

Add your Feedback & @

Enter your feedback here.
Add Emoji

Emojis: X

Fig. 17. The Feedback Emojifier: Home Page Adjusted GUIL
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In conclusion of this section, the Feedback Emojifier
represents a significant advancement in the use of Al to enhance
the feedback process in educational settings. By leveraging the
capabilities of ChatGPT-4, the app provides a user-friendly
interface for faculty to provide personalized feedback quickly
and effectively to students. Emojis add a layer of emotional
context to the feedback, which can help to foster a more
supportive and engaging learning environment. Future work will
explore integrating this technology into learning management
systems like Canvas, further streamlining the feedback process
and potentially improving student outcomes.

VI. CONCLUSION AND FUTURE WORK

The study underscores the transformative potential of
integrating emojis and Growth Mindset (GMS) strategies into
educational feedback. As students navigate their academic
journey, these innovative tools can foster a passion for learning
and resilience in overcoming challenges. This research offers a
fresh perspective on using emojis in educational contexts and
emphasizes the potential of Al-assisted communication tools in
enriching educational interactions. The findings highlight the
significant role of emojis in enhancing the educational
experience in a digital environment. The data analysis supports
several key insights:

Emojis, when incorporated into faculty feedback, foster a
more positive sentiment among students, enhancing their
academic efforts and overall performance.

Students demonstrate a positive attitude and receptivity
towards the use of emojis in feedback related to their work.

Emojis serve as an effective medium for conveying emotions
in digital communication, fostering a stronger connection
between students and faculty.

Using emojis in feedback can contribute to cultivating a
Growth Mindset among students, leading to increased
resilience and academic achievement.

Given these insights, the researchers advocate for the
broader adoption of emojis in student feedback. This
practice can enhance student engagement and lead to
improved academic outcomes.

Looking ahead, the researchers aim to develop an Al-
powered application that leverages the Natural Language
Processing (NLP) and sentiment analysis capabilities of
OpenAl's APIs and other Al and machine learning libraries. This
application will generate faculty feedback based on student
submission and predefined rules with zero faculty involvement,
embedding emojis in the feedback. Such a tool will benefit both
remote and in-person education, reducing the burden on faculty
and allowing for larger class sizes. This application will
contribute to more seamless interaction between students and
faculty members by facilitating a more efficient grading and
feedback delivery process.

During the study, the researchers realized the importance of
considering the appropriateness of emojis in different contexts.
While emojis can make feedback more engaging and expressive,
they may only suit some situations or all students. Therefore, the
researchers plan to allow students to turn off emojis from the
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feedback or customize them in the already developed and
upcoming emoji apps.
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